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Abstract:

Many studies pay much attention to information extraction from Twitter, which

is a popular microblogging service. Among them, Twitter based infectious disease surveillance is

promising, because real time nature of Twitter is suitable for the surveillance. This paper proposes

a new method to detect epidemics of cold by counting frequency of some words included in tweets.
In our approach, we select these words by criteria based on feature selection method such as mRMR,

and a searching algorithm such as beam search.
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